Data-Driven Dose Volume Histogram Prediction
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RESULTS: CLINICAL DVH DATA CAN BE PREDICTED WITH AS FEW AS 5 SIMILAR PATIENTS
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Database of 122 locally advanced lung patients was constructed
utilizing Oncospace schema and was utilized to assess the
efficacy of our 2-point Overlap Volume Histogram (OVH) query
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Oncospace team: Todd McNutt, Joseph Moore, and Michael

The 2-point OVH query is justified due to: external Bowers
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relative dose DVH plot Rows show clinical and predicted DVH for same patient across N similar patients (N = 5,20, and 50). IQR and NOR are S CONTACT INFORMATION
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