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Radiation oncology planning processes are inherently complex, and Since implementation. the whiteboard has become an o Whiteboard
the timing of task completion is difficult to predict. This can pose mpiem ’ . . : zpay = e
challenges in terms of scheduling, resource planning, and essen_tlal clinical tool for'tracklng patlc_ants and checklng ' :

adherence to departmental workflow protocols. In a recent survey planning gtatus. T.h.e whltebo'ard prowd‘es graphlcal .

of practice patterns, it was identified that factors which either pres_entatlon of cllmcallpl_annlng status Information without

expedite or prolong the processes of contouring and planning adding overhead to existing workflows.

depend on “physician’s ability to provide contours in a timely
fashion” and “communications between the physician

and dosimetrist” [1-11]. These findings support the idea that smooth
flow of information between individuals and/or groups in the clinic
can have a direct impact on the timeliness of clinical task
completion.

This report establishes the utility of low cost, automation driven, real-
time task tracking tools in the radiotherapy planning process. The
results provide data-driven evidence which adds justification for
practice change implementations such as disease-specific therapy start
dates and realistic planning time goals.
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The planning process was divided into stages, and time-stamped A ’
moves between planning stages were recorded automatically via

Mosaiq (Elekta, Sweden) Quality Check Lists (QCLs). Whiteboard
logs were merged with Mosaig-extracted diagnostic factors and

were evaluated visually for trend and statistically for significance.
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Figure 4. planning time distributions show increase planning Figure 5. Overall planning time increases with

Figure 3. Planning time is significantly lower for o oy .
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personne Patent Hame Move o column: Comparison of plan completion times (days) in relation to intent (Flgure 3), and number of prescriptions on initial diagnosis of Prostate and Breast cancer also_tl_'nanlf.thg physician group and administrative 5taf_f fo_r their _
(Figure 4) show a clear trend for overall planning time to increase with increased prescriptions and curative intent. The number of prescriptions can be participation in feedback sessions, guidance, and continuing support of this
considered a surrogate for complexity in both contouring and planning tasks. ongoing effort.
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B worsun — —c [ wormwe R wcras Boxplot comparison of overall planning time (days) for each type of N-Stage on initial diagnosis (Figure 5) show a trend for increasing planning time with

o | ormne SSS——— - ot increasing nodal involvement, though the result is stronger in a binary sense. Nodal positive vs negative indicates the need for extra planning time. CONTACT INFORMATION
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Ll The result supports the idea that increased complexity in contouring and planning, as well as additional QA in the physics check stages impacts the Alan Kalet, PhD.  amkalet@uw.edu
Figure 1. Whiteboard user interface planning time in a predictable way.
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